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Design and Realization for the Tools of Data Mining (DM-Tools)

He Yaodong, Chang Guiran, Xu Qian, Shao Hua and Li Jiye
(The Software Center of the Northeast University, Shenyang 110006)

Abstract The article introduces the common tools of Data Mining (DM-Tools), which realized the major process of Knowl-
edge Discovery from Database (KDD). The process comprises visual data analysis, data preprocess, data mining, model ex-
plain and model evaluation, etc. System structure and module functions of the DM-Tools are discussed. Based on the DM-
Tools, hidden and useful knowledge from long-term accumulation, operation database can be mined to support decision-mak-
ing for every profession

Keywords KDD, Data mining, Classification, Cluster, Association rule
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CanoScan FB 330P/FB 630P/FB 636U

19994 9 A 7 BERAREI T EH BRIRIE R T B & ¥ #{{—— CanoScan FB330P/FB630P/FB636U/FB1200S/
FS2710,

FEgeE ARSI UM RO REE B B W BAEARES 7 FB 636U B LUR K AL BT, A ARG H
B, £FHPHNRTIVSH/NTTT AR, EfeEGEM U E T XB# Y4 T/EZ R . FB 320/FB 620P EER
# 63mm, [ FB 330P/FB 630P/FB 636U E{{# 39mm. XX G A4 AMBA—-SHWEE. 2 RAEZENEHERE.

CanoScan FB330P/FB630P/FB636U /NG oM K% AERFERY ., THMKETRMA T A4 LIDELED [#
BAEHEA), KBS ERR N EAN CCORMBE T BRERE . MRAXFMXEABNAHBLEMEAR, TAHHER
XEFRENEE, SEHXHENAZBS RS HBAMER. B FRAT LIDE#R, T REE XN EFERE. FrLUEHE
WIS E B /N5, T A AR F 4 A CCD 33313 . FB330P %234 ¥ & 300X 600dpi/ 8 3§ 36bit, FB630P/FB636U
T # 3k 600X 1200dpi /€& B 36bit, SHMBBREMB A, TILERI T TEMARE LG, REITHNEMAHABERR
BR SIS/ AR RN RIS EREEN SRROERAHEMR.

CanoScan FB330P/FB630P fiff FiJf M % # , ) W A %4 SCSI R M, A B PN EZE T ELFRERXITBIWITHE
H k4K H8 CanoScan ZEBRF MR, WA RS R ELE M EKMF, REF1HEM FB 636U EAL& USB ik, Al &M
PC 2 Macintosh i+ B #l. EXFEEBFEREE. WS FB 636U MR BREIE ILEAFTREAMIGRA TR
BHPHEF HREEXIITEV . .E-mail ZHEENARFE. MU IHEREMS HEERREFSLEEBRANHEEARY
AT URF R, 3t AR BN EITRSMBBZE . %A F % #,CanoScan FB330P/FB630P ALt #& B iE . T B & & A
RN ERR/DN CELREE . RIEAFERELAAMOK,

RN MBERNURFIMERBTF T4/ 8, B RFE 3 Cano ScanGearToolbox H i 4, B T i F M B R HERAH T
B.RFEE.Emil SERSFAZHENARFE. BILKXEZNE#KME, S AHE H E 85 .CanoScanCS-P Copy % #,
FEHEHAMERITEN RO EEEN; H4HE %% OCR R4, B4 image Trust &, F B F OCR REE AR MIRFH
X %, Cano ScanGearToolbox CS UG HFHBHLT AW ITE. T HFE KH A B H,CanoScan FB330P/FB630P/
FB636U BLIE % T Ulead /4 B # iPhotoExpress 2. 0 B R4 Hik4 ., FMAZR .. HHEZHK,
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